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Assessing International Organizations

Competition, Collaboration, and Politics of Funding

Ranjit Lall*

introduction

During the past decade, states have initiated a striking trend in global gover-
nance: the development and promulgation of indicators of the performance of 
international organizations (IOs). These assessments possess all of the defining 
characteristics of global performance indicators (GPIs) outlined by Kelley and 
Simmons in the introduction to this volume. They are available to citizens of 
any country free of charge (publicity); they cover multiple IOs, including all 
those that regularly receive substantial funding from the government in ques-
tion (inclusiveness); they rate IOs on a common numerical or ordinal scale 
(comparativeness); and they are typically updated on a consistent multiyear 
basis (regularity). Perhaps most importantly from an analytical perspective, the 
assessments are purposive: they were created to help policymakers make more 
efficient use of their multilateral funding in the context of budgetary pressures 
induced by the global economic crisis. In other words, they were conceived 
with the explicit intention of influencing financial resource flows to IOs.

A cursory examination of funding patterns since the emergence of the indi-
cators, however, reveals an intriguing puzzle: only resource flows to some 
assessed IOs show signs of responsiveness to performance ratings. That is, 
for one subset of assessed IOs, there is a strong positive relationship between 
ratings and resource flows: high ratings have been met with a sizable increase 
in financial contributions, whereas low ratings have been followed by funding 

	 * 	For valuable feedback on earlier drafts of this chapter, I am indebted to Daniel Drezner, Jeffry 
Frieden, Hyeran Jo, Judith Kelley, Christopher Lucas, Walter Mattli, Beth Simmons, Anton  
Strezhnev, and participants in the 2016 Conference on Assessment Power at Harvard University 
and the Mini-conference on Global Assessment Power at the 2016 Annual Meeting of the 
American Political Science Association. Supplementary materials can be accessed at the following 
link: https://scholar.harvard.edu/files/ranjitlall/files/online_appendix_lall_ch10_pgpi.pdf.
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cuts or freezes. For instance, while the strongly rated Office of the United 
Nations High Commissioner for Refugees (UNHCR) has seen its annual con-
tributions rise by more than 50 percent since the release of its first set of ratings, 
the poorly rated Joint United Nations Programme on HIV/AIDS (UNAIDS) 
has seen them fall by almost one fifth. For another subset of assessed IOs, by 
contrast, there is no clear relationship between ratings and resource flows, 
with high-rated institutions seeing no financial “reward” and low-rated ones 
avoiding any “punishment.” Despite receiving similar ratings to UNHCR, 
for example, the European Development Fund (EDF) has suffered a decline 
in contributions comparable to that of UNAIDS. Conversely, despite receiv-
ing similar ratings to UNAIDS, the United Nations Environment Programme 
(UNEP) has enjoyed an increase in funding comparable to that of UNHCR.

These surprising differences pose a challenge to the few existing theories of 
the determinants of IO funding. Traditional analyses of the budgetary process 
in IOs draw attention to how procedural rules and practices constrain the 
ability of states to alter the size and composition of the budget, resulting in a 
high degree of stability in funding levels over time.1 Yet as the above examples 
suggest, resource flows to many IOs have exhibited significant change since 
the release of the performance indicators. The more recent literature on the 
concept of delegation to IOs highlights the tendency of “state principals” to 
use the budget as an instrument for deterring and sanctioning opportunistic 
behavior by “IO agents,” implying that they will respond to performance indi-
cators by increasing funding for IOs with strong ratings and reducing funding 
for IOs with weak ratings.2 Once again, however, this prediction is not consis-
tent with the pattern described earlier: only some high-rated institutions have 
received additional contributions, while only some low-rated ones have been 
subject to cuts. This pattern suggests the need for a more nuanced analysis of 
the factors affecting whether states and other donors are responsive to ratings. 
In other words, it calls for an answer to the question: Under what conditions 
do IO performance indicators influence resource flows to these institutions?

Analyzing ratings as a form of social knowledge that draws attention and gives 
meaning to institutional performance, I develop an argument that highlights how 
different aspects of the relationship between IOs and other actors within their pol-
icy space mediate the financial effects of such knowledge. Two aspects are particu-
larly important. The first is the degree of competition IOs face from institutions 
performing similar functions to them. When competition is intense – which is most 
likely in policy spaces characterized by low barriers to entry and diseconomies of 

	 1	 Ackrill and Kay 2006; Hoole, Handley, and Ostrom 1979; Hoole, Job, and Tucker 1976; 
Singer 1961.

	 2	 As one influential study of delegation states, “Agents that are perceived as succeeding in their 
missions are rewarded with larger budgets, allowing individuals to perform their jobs more 
easily or supervise larger staffs with compensatory benefits. Agents that are perceived as fail-
ing are punished with smaller budgets, and may even be eliminated entirely.” Hawkins et al. 
2006, 30. Also see Nielson and Tierney 2003; Pollack 1997.
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scale in the provision of goods – donors act on material and social incentives to 
respond to ratings because IOs have a large number of substitutes to which they 
can reallocate resources. When competition is limited, however, IOs have few or 
no substitutes, deterring donors from either sanctioning low-rated IOs or reward-
ing high-rated ones. The second aspect is the robustness of governance partner-
ships between IOs and non-state actors – both domestic and transnational – who 
possess complementary skills and resources and can thus enhance their capacity to 
achieve organizational objectives. I argue that robust partnerships render resource 
flows more responsive to ratings by incentivizing partners to assist high-rated IOs 
in mobilizing additional funds but – perhaps surprisingly – to weaken or exit part-
nerships with low-rated IOs, exacerbating the reputational damage suffered by 
such institutions and raising fears that they may perform even worse in the future. 
In short, the financial consequences of IO performance indicators are conditioned 
in critical ways by institutional relationships of competition and collaboration.

I test the argument using a mixed-methods approach. I begin by examining 
qualitative evidence on the assessments’ financial effects from a selection of 
primary and secondary sources – most notably interviews with more than 80 
IO officials and donor representatives – probing different behavioral as well as 
non-behavioral implications of the argument. I then conduct statistical tests 
of the argument based on an original dataset including all six sets of perfor-
mance indicators issued thus far, which collectively cover 54 IOs spanning a 
wide range of issue areas. My methodological strategy involves analyzing – in 
both observational and quasi-experimental settings – the relationship between 
post-assessment changes in resource flows and multiplicative interaction 
terms between each set of indicators and the two conditioning variables high-
lighted by my argument. To gather information on institutional competition, I 
designed and implemented a survey of officials from all 54 assessed IOs. Data 
on governance partnerships were collected through a comprehensive mapping 
exercise covering all forms of substantive collaboration between IOs and non-
state actors during five key stages of the international policymaking process.

By theorizing and empirically examining the financial consequences of 
IO performance indicators, the chapter contributes to our understanding of 
global assessment power in three ways. First, it draws attention to a substan-
tively significant yet previously neglected area in which GPIs have emerged in 
recent years. In doing so, it provides a fitting counterpoint to the other contri-
butions to this volume, most of which examine GPIs that evaluate states and 
are developed by IOs.3 Second, it presents the first systematic evidence that 
GPIs can influence resource allocation decisions by public actors, extending 
recent analyses in the economics and management literatures demonstrating 
their impact on the behavior of private investors.4 Such evidence, moreover, 

	 3	 See Bisbee et al.; Kelley, Simmons, and Doshi, and Morse, this volume.
	 4	 Aaron, McMillan, and Cline 2012; Brammer, Brooks, and Pavelin 2009; Murguia and 

Lence 2015.
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comes from an area in which the material stakes are high: the 54 assessed IOs 
have jointly received more than half a trillion dollars in contributions over 
the past decade. Third, and most significantly from a theoretical perspective, 
it sheds new light on when and why – and not just whether – GPIs matter 
in world politics by examining the conditions under which they exert social 
influence. My argument complements existing analyses of GPI scope condi-
tions (in this volume as well as in fields such as anthropology and interna-
tional law), which mostly focus on characteristics of GPIs and their creators, 
by highlighting how the broader relational context in which assessed entities 
operate mediates their effects.5 It thus enhances our analytical understanding 
of the mechanisms by which shared information and knowledge can become 
a source of power in the contemporary international system – and, equally 
important, the limits of such power.

The chapter also makes contributions to a number of other emerging areas of 
research in international relations. First, it complements recent work on institu-
tional choice and organizational ecology in global governance by showing how 
institutional environments influence the effects of common information and 
knowledge as well as patterns of long-run institutional change.6 Second, and 
relatedly, it joins a growing number of studies in investigating the consequences 
of institutional competition at the global level, an issue that has traditionally 
received little attention in the international relations literature.7 Unlike previous 
scholarship, however, it examines the material as well as political ramifications 
of competition and gathers systematic data on the variable covering a diverse 
sample of institutions. Third, it extends recent research on the phenomenon of 
IO orchestration by drawing attention to the critical role of governance part-
nerships in conditioning the financial effects of IO performance indicators.8 
Finally, as suggested above, it contributes to the burgeoning literature on del-
egation and principal-agent theory by showing – contrary to the conventional 
wisdom – that state principals only financially reward and sanction IO agents 
in response to performance information under certain relational conditions.9

io performance assessments: overview and puzzle

To illustrate the puzzling variation in the relationship between IO perfor-
mance indicators and resource flows, I begin with a brief overview of the 
assessments. As summarized in Table 10.1, since 2008 indicators have been 

	 5	 See Cooley and Snyder 2015; Davis, Merry, and Kingsbury 2015; Davis et al. 2012; Kelley 
and Simmons; Lee and Matanock, this volume. Note that Bisbee et al. argue that GPA effects 
are mediated by characteristics of assessed entities themselves (namely, democratic account-
ability and transparency).

	 6	 Abbott, Green, and Keohane 2016; Jupille, Mattli, and Snidal 2013.
	 7	 Abbott, Green, and Keohane 2016; Alter and Meunier 2009; Frey 2008; Lipscy 2015.
	 8	 Abbott et al. 2015; Mattli and Seddon 2015.
	 9	 See, for instance, Hawkins et al. 2006; Nielson and Tierney 2003; Pollack 1997.
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produced by five states – Australia, Denmark, the Netherlands, Sweden, and the  
United Kingdom – and the Multilateral Organization Performance Assessment 
Network (MOPAN), a group comprising 17 of the largest donor countries 
(including all of the previous five) that seeks to enhance knowledge of IO effec-
tiveness.10 Four of the six sets of indicators have been issued more than once, 
with the Australian and Danish assessments still awaiting their first update. The 
indicators are based on a mixture of new and existing data sources, including 
cross-national surveys, stakeholder consultations, feedback from diplomatic mis-
sions, and other GPIs such as the Quality of Official Development Assistance 
(QuODA) Assessment and the Publish What You Fund Aid Transparency Index 
(ATI).11 As mentioned earlier, they collectively cover 54 IOs – a full list is provided 
in the chapter appendix – that span a diverse range of issue areas, including agri-
culture, development, the environment, human rights, public health, and trade. 
The Australian and British assessments have the widest organizational coverage 
(41 IOs each), while the MOPAN assessment has the narrowest (16 IOs).

International organizations are assessed on six distinct dimensions of insti-
tutional performance: (1) delivery of results; (2) cost and value consciousness; 
(3) resource management; (4) accountability and transparency; (5) strategic 
management; and (6) knowledge management.12 The Australian, British, and 
Dutch assessments include between six and eight discrete numerical indicators 
of these dimensions ranging from 1 (“Weak”/“Unsatisfactory”) to 4 (“Very 
Strong”/“Strong”). The MOPAN assessment contains 14 numerical indicators 
measuring the third, fifth, and sixth dimensions. The IOs are assigned two 
scores from 1 to 6 on each indicator, one based on a multicountry stakeholder 
survey (a continuous scale) and other based on a review of organizational 
documents by two consulting firms (a discrete scale). The Swedish assessment 
contains two categorical indicators, “internal effectiveness” and “external 
effectiveness,” on which IOs are ranked in six classes spanning from “Very 
Low” to “Very High.”13 Finally, the Danish assessment contains just one over-
all performance measure, a continuous numerical scale from 3.2 to 4.8.

	 10	 The documents comprising each set of ratings can be found at the following links (all accessed 
February 21, 2015): http://dfat.gov.au/about-us/publications/Pages/australian-multilateral-
assessment-ama-full-report.aspx (Australia); http://www.ft.dk/samling/20111/almdel/uru/
bilag/245/1153552.pdf (Denmark); http://www.mopanonline.org/Assessments/ (MOPAN); 
https://www.rijksoverheid.nl/zoeken?trefwoord=scorecard (Netherlands); http://www.govern
ment.se/search/?query=%22swedish+assessment%22 (Sweden); https://www.gov.uk/govern
ment/collections/multilateral-aid-review (United Kingdom).

	 11	 On the ATI, see Honig and Weaver this volume.
	 12	 All six correspond to one of the three dimensions of institutional performance traditionally 

emphasized in the organizational theory and public administration literatures on the con-
cept: (1) the achievement of stated objectives; (2) cost-effectiveness; and (3) responsiveness to 
a wide range of stakeholders. See Cameron 1978; Etzioni 1964; and Price 1972. Some assess-
ments include additional indicators that do not correspond to any of these dimensions and 
are thus excluded from consideration.

	 13	 I convert these categories into a 1–6 numerical scale in the subsequent analyses.
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Within the five assessments that contain multiple performance indicators, there 
is a strong positive correlation among ratings. That is, IOs with higher (or lower) 
ratings on some dimensions of performance also tend to have higher (or lower) 
ratings on others. As shown in Table 10.1, the mean correlation among indicator 
scores from each wave of a given assessment a between its initial release ( )year ta  
and 2015 is r = 0.53 (more than four-fifths of the 532 individual coefficients are 
positive and statistically significant at the 10 percent level). Interestingly, ratings 
are also strongly and positively correlated across assessments. The mean correla-
tion between averages of each set of indicator scores in the period from year ta 
to 2015 is r = 0.42 (17 of the 21 coefficients are positive and significant). In other 
words, there is a high degree of consensus among the assessments about which 
IOs are performing well and which are performing poorly.

Figure 10.1 provides a graphical overview of the relationship between per-
formance ratings and over-time changes in resource flows to assessed IOs. 

figure 10.1.  Relationship between performance ratings and changes in contributions.
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The x-axis measures the standardized mean of an IO’s indicator scores from 
all assessments averaged over the period from the release of its first set of rat-
ings ( )year uIO  to 2015. The y-axis measures the log ratio of an IO’s average 
annual contributions since financial year FY( )uIO to its contributions in the 
previous FY uIO – : 1

y =

CONTRIBUTIONS

CONTRIBUTIONS
ln n

i=0

n

u +i

u -1

IO

IO

∑



















Data on contributions, which were collected from IO financial statements 
and annual reports (acquired online and in some cases through personal com-
munications with officials), are all converted into millions of United States 
dollars at contemporary exchange rates and adjusted for inflation using the 
Bureau of Labor Statistics’ Consumer Price Index (with 2003 as the base 
year).

The scatterplot reveals striking variation in post-assessment funding trends 
among both high- and low-rated IOs. For approximately half of the sample, 
trends are consistent with a straightforward “GPA influence hypothesis”: IOs 
with higher ratings have received proportionally larger increases in contribu-
tions since FY uIO (roughly the lower-left and upper-right quadrants of the 
graph). For the remaining institutions, however, trends provide little support 
for the hypothesis: IOs with below-average ratings have received dispropor-
tionately large increases in funding (upper-left quadrant), while IOs with 
above-average ratings have seen either disproportionately small increases or 
absolute decreases (lower-right quadrant). The upshot of these differences is 
that the overall relationship between x and y is positive but relatively weak, 
with only 16 of the 54 IOs falling inside the shaded 95 percent confidence 
interval around the regression line.

Figures 10.2 and 10.3 provide a micro-level view of such variation by dis-
playing time-series data on resource flows to 12 individual IOs.14 For the six 
institutions in Figure 10.2, funding patterns are consistent with the GPA influ-
ence hypothesis: the first three (reading from left to right) have received high 
ratings and enjoyed robust growth in contributions since FYuIO; the last three 
have received low ratings and experienced weak or negative growth. Visual 
analysis of the timing of these changes provides prima facie evidence that they 
were a direct response to the ratings rather than a product of broader (exoge-
nous) shifts in funding. The six institutions in Figure 10.3 display the opposite 
patterns: the first three have received high ratings, but subsequently suffered a 

	 14	 I return to a number of these institutions in the fourth section, providing qualitative evidence 
on the factors shaping their funding trends.
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figure 10.2.  Funding trends consistent with indicator influence.
Note: The dotted lines indicate the years in which an IO has been assessed.
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stagnation or decline in contributions; the last three have received low ratings, 
but seen strong growth. Unlike before, visual analysis of these trends suggests 
that they were largely unaffected by ratings. In short, in line with the evidence 
presented in Figure 10.1, only in a subset of assessed IOs do resource flows 
appear to have been responsive to performance indicators.
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figure 10.3.  Funding trends inconsistent with indicator influence.
Note:  The dotted lines indicate the years in which an IO has been assessed.
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a relational theory of assessment power

The IO performance indicators constitute a form of social knowledge pro-
duced by a set of respected actors whose authority stems from their institu-
tional expertise, bureaucratic capacity, and central position in the “network” 
of multilateral donors. By defining and setting standards for institutional 
performance, they highlight, frame, and instill meaning in the behavior and 
effects of IOs. They thus not only increase the salience of institutional per-
formance as a metric by which IOs are judged but also clarify and crystallize 
shared understandings of the concept. In doing so, they alter the material and 
normative calculus by which donors allocate resources to IOs, incentivizing 
them to place greater weight on performance considerations as a means of 
both maximizing the “return” on their contributions and enhancing their sta-
tus and reputation in the donor community.15 Other things equal, therefore, 
the creation of IO performance indicators should bring about an increase in 
funding for high-rated institutions and a reduction for low-rated ones.

Yet other things are not always equal. IOs exist not in a vacuum but in 
a distinct transnational policy space populated by diverse actors from dif-
ferent institutional levels (subnational, national, and supranational) and sites 
of authority (public, private, and hybrid). What distinguishes these actors as 
inhabitants of a common policy space is that they seek to shape substantive 
outcomes in the same issue area, whether by performing, supporting, or influ-
encing the exercise of governance functions. The central claim of my argument 
is that the financial consequences of IO performance indicators are contingent 
upon the relationship between these institutions and other actors within their 
policy space. Only under particular relational conditions do ratings affect 
resource flows to IOs through the three pathways of GPA influence delin-
eated by Kelley and Simmons, that is, domestic politics, elite response, and 
transnational mobilization. I highlight two such conditions, the first mediat-
ing the elite pathway and the second mediating the domestic and transnational 
pathways: (1) IOs are subject to a high level of institutional competition; and  
(2) IOs possess robust governance partnerships with non-state actors.

Institutional Competition

The degree of institutional competition faced by IOs is a function of the num-
ber of institutions within their policy space that exercise similar governance 
functions to them. In most instances, these institutions are themselves IOs. 
While other types of institutions – such as treaties, agreements, and laws –  
often address similar policy problems to IOs, their lack of a permanent 
secretariat prevents them from performing many of the latter’s distinctive 

	 15	 In this way, reputational concerns can affect how actors linked to assessed entities – and not 
just assessed entities themselves – respond to GPIs.
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governance functions, such as gathering and providing information, resolv-
ing disputes, allocating pooled resources, identifying emerging transnational 
problems, and formulating rules and standards.16

The political implications of competition among IOs have received surpris-
ingly little attention from scholars of such institutions, a possible reflection of 
the traditional dominance of functionalist approaches to analyzing international 
cooperation, which imply that intense competition is unlikely to arise because 
overlap in governance functions is inefficient as well as redundant (since only 
one institution is needed to perform a given function).17 In reality, as recent 
studies have pointed out, there is substantial variation in the degree of compe-
tition experienced by IOs.18 Some policy spaces are indeed sparsely populated 
with functionally similar IOs, ensuring that each enjoys a monopoly or quasi-
monopoly over governance functions. In other policy spaces, however, IOs share 
authority with a sizable population of competitors, each of which makes only a 
marginal contribution to the aggregate supply of institutional goods.

These differences are primarily a function of two issue-specific character-
istics. The first is the presence of barriers to entry into the policy space, i.e. 
costs incurred in the exercise of governance functions that prevent IOs from 
establishing themselves as “suppliers.” A major barrier to entry in the mostly 
low-politics issue areas covered by IO performance indicators is the need for 
technical knowledge in the policymaking process.19 Such expertise is costly to 
acquire because it requires IOs to recruit staff with specialized qualifications – 
which may be in short supply and command a wage premium – and often to pro-
vide them with years of additional training and practical experience related to 
their specific tasks. The second characteristic is the existence of economies of 
scale in the provision of governance functions, i.e. declines in the average cost 
of provision as output increases. Perhaps the most common source of scale 
economies in low-politics domains is the occurrence of “network effects,” 
whereby the marginal utility of participating in an IO’s activities rises with 
the number of participants. This is because many IOs in such domains per-
form standard-setting functions, which give rise to network effects because 
each adoption of a given standard yields coordination benefits for all previous 
adopters.

How do differences in these characteristics across policy spaces mediate the 
financial effects of IO performance indicators? In policy spaces characterized 
by high barriers to entry or economies of scale, IOs have few or no close sub-
stitutes to which donors can reallocate resources. Given the high transaction 

	 19	 Lipscy 2015.

	 16	 Abbott and Snidal 1998; and Pevehouse, Nordstrom, and Warnke 2004.
	 17	 It may also reflect the field’s focus on a relatively small number of IOs that do face little com-

petition, such as the International Monetary Fund (IMF) and the World Trade Organization 
(WTO).

	 18	 Abbott, Green, and Keohane 2016; Frey 2008; Jupille, Mattli, and Snidal 2013; Lipscy 2015.
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costs and uncertain distributional consequences of creating new institutions, 
donors are thus likely to refrain from imposing major financial sanctions on 
IOs receiving low performance ratings for fear of jeopardizing the supply of 
institutional goods in the policy space.20 That is, material and social incentives 
to withdraw support from ineffective IOs are likely to be trumped by concerns 
about squandering all the benefits of institutionalized cooperation, blocking 
the elite response pathway of GPA influence. Nor, conversely, will donors have 
incentives to provide increased contributions to IOs receiving high ratings: 
since they cannot credibly threaten to punish such institutions for suboptimal 
performance in the future, rewards are unlikely to have their desired effect of 
incentivizing continued effectiveness.

In policy spaces characterized by low barriers to entry or diseconomies of 
scale, by contrast, IOs have a sizable pool of close substitutes. In accordance 
with the elite response pathway, therefore, donors can sanction low-rated IOs 
without fear of compromising the supply of institutional goods in the policy 
space. In addition, they have incentives to provide additional contributions to 
high-rated IOs: because the threat of sanctioning poor performance is now 
credible, rewards are likely to have their intended effect of incentivizing such 
institutions to continue performing effectively. In sum, I hypothesize that only 
a high degree of institutional competition will result in a strong positive rela-
tionship between performance indicators and resource flows.

Governance Partnerships

Governance partnerships are relational arrangements between IOs and 
actors above and below the state – including non-governmental organizations 
(NGOs), businesses, transgovernmental networks, and other IOs – involving 
voluntary and sustained collaboration in the exercise of governance func-
tions.21 Such arrangements are based on a convergence of both goals and inter-
ests. IOs often lack the informational, epistemic, administrative, and logistical 
resources to successfully fulfill their mandates – a consequence of the ambi-
tious nature of such mandates as well as the limited support they receive from 
their members – and enlist partners as a means of addressing these capacity 
deficits. Partners are willing to provide assistance because they share organi-
zational objectives, perceive potential synergies in combining their capabilities 
with those of IOs, and derive considerable non-material benefits from collabo-
ration, including access to contacts and networks, normative guidance, and 
the legitimacy that comes with endorsement by a multilateral institution.22

	 20	 Jupille, Mattli, and Snidal 2013.
	 21	 Closely related concepts include “joint governance,” “multi-stakeholder partnerships,” and 

“orchestration.” I follow Mattli and Seddon 2015 in using “governance partnerships” as an 
umbrella term for these various arrangements.

	 22	 See Abbott and Snidal 1998; and Abbott et al. 2015.
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While many IOs have established governance partnerships in recent years, 
there is substantial variation in the robustness of such arrangements. I define 
robustness as an increasing function of three factors. The first is the depth of 
cooperation between IOs and partners. Upon closer inspection, many partner-
ships turn out to be purely symbolic arrangements formed in order to satisfy 
external pressures for stakeholder engagement. I only consider partnerships to 
be robust if they involve substantive collaboration at one of the five principal 
stages of the IO policymaking process: agenda setting, formulation, moni-
toring, implementation, and enforcement. The second factor is the degree 
of alignment between the policy preferences of IOs and partners. Although 
partners share the broad objectives of IOs, their views about the specific poli-
cies needed to advance such objectives often conflict with those of IO offi-
cials. Misalignment is particularly common when there are differences in the 
geographical scope and range of issue areas covered by partners and IOs. 
The third factor is the level of complementarity between the capabilities of 
IO and partners. Naturally, partners with ample (material and non-material) 
resources are better able to remedy IO capacity deficits. Yet since the size 
of such deficits depends on an IO’s own level of resources, complementarity 
increases not with the absolute level of partner resources but with the ratio of 
partner to IO resources.

Robust governance partnerships create incentives for non-state actors to 
behave in ways that enhance the sensitivity of resource flows to IO perfor-
mance indicators. When an IO receives high ratings, the logic is straightfor-
ward: due to their close operational ties with the institution, support for its 
policies, and sizable resource base, partners are both willing and able to assist 
it in mobilizing additional contributions. Such assistance can take several 
forms, including lobbying governments and other donors at the domestic level; 
publicizing and disseminating information about the assessments; identifying 
and targeting potential new donors; and increasing their own contributions to 
the IO.23 When robustness is low, partners are unlikely to invest in these mobi-
lization strategies for want of both incentives (they have weak operational 
ties with the IO and non-aligned policy preferences) and means (they possess 
limited resources).24 That is, the domestic and transnational pathways of GPA 
influence are unlikely to operate as specified.

When an IO receives low ratings, the effects of variation in partnership 
robustness are less clear. It may appear that when robustness is high, partners 
will seek to protect the IO from financial sanctions using the mobilization 
strategies mentioned above, mitigating the ratings’ impact on resource flows.  
I argue, however, that they are more likely to respond in ways that increase 
the size of such sanctions. This is because the gains they derive from continued 

	 23	 For examples of these strategies, see Broz and Hawes 2006; Busby 2007; and Lavelle 2011.
	 24	 Similarly, non-state actors who are not part of governance partnerships will often lack a suf-

ficiently large stake in the IO’s success to be willing to incur these costs.
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collaboration will tend to be outweighed by (1) the reputational costs of 
association with a low-rated IO (which can include a reduction in their own 
funding) and (2) the opportunity costs of foregoing collaboration with more 
effective IOs (which can include reputational gains and an enhanced capac-
ity to achieve their objectives). Partners thus have incentives to scale down 
or withdraw their support for the IO (including on the financial front) and 
establish ties with higher-rated institutions. Such actions, in turn, exacerbate 
the reputational damage suffered by the IO and raise concerns that it may 
exhibit even worse performance in the future. The upshot is likely to be a fur-
ther intensification of sanctions. When partnerships are weak, this sequence 
of events is unlikely to transpire: since cooperation involves no meaningful 
exchange of resources or services, partners neither incur major (reputational 
or opportunity) costs from maintaining the relationship nor inflict major (rep-
utational or operational) damage on the IO by withdrawing their support. In 
sum, my first hypothesis is that only a high degree of institutional competition 
will result in a strong positive relationship between performance indicators 
and resource flows.25

qualitative evidence

How much support is there for these hypotheses? I begin my empirical inves-
tigation by examining a range of primary and secondary qualitative sources 
on the financial effects of IO performance indicators, including policy state-
ments and budgetary documents from donor governments, media reports, 
and information from more than 80 interviews with IO officials and donor 
representatives conducted between 2012 and 2016.26 In addition to providing 
a preliminary test of the hypotheses, this examination sheds light on the argu-
ment’s posited causal mechanisms – both behavioral and non-behavioral – 
and offers concrete illustrations of how such mechanisms have shaped funding 
trends in individual institutions (including several of those featured in Figures 
10.2 and 10.3).

The most direct evidence that IO performance indicators have influenced 
resource flows comes from the states that developed them. All five governments 

	 25	 Note that both hypotheses imply a weak relationship between the conditioning variable and 
performance indicators. Indeed, there are obvious reasons why competition and partner-
ships are likely to have mixed effects on ratings. While competition puts pressure on IOs 
to perform well to secure funding, for instance, it can also lead to institutional overlap and 
“crowding out” that undermines effectiveness. Similarly, while robust partnerships may 
enhance the ability of IOs to perform governance functions, they can also dilute the influ-
ence of member states and thus facilitate shirking and slippage.

	 26	 The interviews were conducted in four waves: the first in Washington, DC, in spring 2012; 
the second in Geneva in summer 2012; the third in London in summer 2014; and the fourth 
in Rome in winter 2015. Additional interviews were conducted via telephone throughout the 
period.
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that have conducted individual assessments have explicitly indicated that their 
findings have informed subsequent multilateral funding decisions.27 In addi-
tion, a recent survey of MOPAN’s 17 member nations – a group that accounts 
for 95 percent of the world’s multilateral development assistance – revealed 
that all but two have used its evaluations to “decide on funding allocations 
about multilateral organizations.”28 The only public time-series data on such 
allocations, which come from the British government, suggest that the assess-
ments’ impact has been significant.29 As a direct result of its first set of ratings 
in 2011, the government eliminated its assessed funding for four low-rated  
IOs – the International Labour Organization (ILO), the UN Human Settlements 
Programme (UN-Habitat), the UN International Strategy for Disaster 
Reduction (UNISDR), and the UN Industrial Development Organization 
(UNIDO) – and more than doubled contributions to 11 high-rated IOs. Media 
reports suggest that a recent update of the ratings, released in December 2016, 
will result in a further £180m of cuts to poorly rated UN agencies – most nota-
bly the UN Educational, Scientific, and Cultural Organization (UNESCO) – 
causing them to lose almost all of their assessed British contributions.30

Interviews with IO officials and representatives of donor states provide 
further evidence of such influence. Several of the latter described “triangulat-
ing” between different assessments in determining allocations – a feat ren-
dered easier by the high correlation between them – with some even referring 
to them as the “single most salient” factor in the decision-making process. 
Interestingly, in line with the argument’s emphasis on framing and meaning 
making, some interviewees also noted that the assessments have altered the 
official discourse around multilateral funding. According to an employee of 
the Swiss Agency for Development and Cooperation (SDC),

“The evaluations have changed how governments talk about and justify supporting 
IOs, causing them to frame funding decisions in terms of ‘efficiency’ and ‘value for 
money’ rather than the protection of national interests. Since the ratings effectively 

	 27	 Ministry for Foreign Affairs (Sweden) 2011; Department for International Development 
(United Kingdom) 2013; Department of Foreign Affairs and Trade (Australia) 2013; 
Ministerie van Buitenlandse Zaken (Netherlands) 2013; and Ministry for Foreign Affairs 
(Denmark) 2013.

	 28	 Multilateral Organisation Performance Assessment Network 2015, 19.
	 29	 Statistics on International Development, Department for International Development 

(United  Kingdom). Available at https://www.gov.uk/government/organisations/department-
for-international-development/about/statistics, accessed December 14, 2016. Where possible, 
I supplement this source with data from the government’s Development Tracker database 
(https://devtracker.dfid.gov.uk/, accessed December 14, 2015) and IO annual reports and 
financial statements. All figures are converted into millions of British pounds at contemporary 
exchange rates and adjusted for inflation (using 2000 as the base year).

	 30	 “‘Wasteful’ UNESCO targeted as Britain makes £180m funding cuts.” The Sunday Times, 
April 17, 2016, 20.
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quantify and compare these characteristics across IOs, they have created a competitive 
dynamic among donors whereby supporting weakly rated IOs can lead to reputational 
damage.”31

The IO staff similarly attested to the assessments’ impact on funding deci-
sions. Division heads in both UNAIDS and the United Nations Development 
Programme (UNDP), for instance, cited the combination of low ratings and 
intense competition from similar IOs as the primary reason for their insti-
tutions’ recent decline in contributions.32 The UNAIDS official also high-
lighted the ratings’ non-behavioral effects – effects strikingly parallel to those 
mentioned above – observing that “being directly compared with peers” had 
made UNAIDS’s “entire organizational culture more efficiency- and results-
oriented” and heightened “internal awareness about our relative status and 
reputation.”33

Is there other evidence that the financial effects of the assessments have 
been mediated by institutional competition and governance partnerships? 
Consistent with the evidence presented in the second section, not all IOs that 
received low ratings in the first British assessment have been financially sanc-
tioned by the country, while not all IOs that received high ratings have been 
rewarded. A closer look at the “anomalous” cases suggests that resource flows 
have been less responsive to ratings when IOs are subject to limited competi-
tion and possess weak partnerships. Of the eight low-rated IOs placed in the 
lowest summary category “poor value for money,” for example, the only two 
that have avoided funding cuts are the UN Entity for Gender Equality and 
the Empowerment of Women (UN Women), the sole IGO (intergovernmental 
organization) with a mandate to promote women’s rights; and the Food and 
Agriculture Organization (FAO), which, in addition to being the only IGO 
responsible for monitoring food security and setting agricultural standards 
at the global level, has a notoriously poor reputation for collaborating with 
non-state actors.34 Similarly, of the nine IOs in the highest “very good value 
for money” category, the only one that has failed to receive additional contri-
butions is the EDF, a poverty reduction fund known to possess weak partner-
ships due to its distinctive “joint ownership” governance model, which allows 
recipient country governments – but not non-state actors – to play a direct role 
in designing and implementing development projects.35

	 31	 Author interview with employee of Swiss Agency for Development and Cooperation, June 9, 
2012, Geneva.

	 32	 Author interview with UNAIDS division director, June 12, 2012, Geneva; and author tele-
phone interview with UNDP division director, May 21, 2018.

	 33	 Author interview with UNAIDS division director, June 12, 2012, Geneva.
	 34	 The World Food Programme (WFP) also operates in the realm of global food security, but 

performs the very different function of delivering emergency food aid on the ground. On the 
FAO’s weak partnerships, see Food and Agriculture Organization 2007.

	 35	 See Gavas 2012.
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Interviews provide further evidence of the conditioning effects of competi-
tion and partnerships. Donor representatives frequently expressed concerns 
that sanctioning low-rated IOs with a dearth of close substitutes could jeop-
ardize key global public goods and thus undermine foreign policy goals. As 
a senior bureaucrat in Italy’s Ministry of Foreign Affairs explained, “While 
[ratings] do guide our funding decisions, it is not always in our interest to 
follow them. For instance, if we stop financing UNEP because it is poorly 
rated, who will lead the global response to global warming?”36 Such concerns 
were also recognized by low-rated IOs themselves, with one UNEP official 
even suggesting that the agency had been “saved from life-threatening funding 
cuts” by its “unique niche in coordinating national efforts to address climate 
change.”37 A number of officials in high-rated IOs, meanwhile, highlighted 
how low levels of competition had weakened incentives for donors to reward 
them. One economist in the Multilateral Fund (MLF) for the Implementation 
of the Montreal Protocol, for instance, complained that the institution’s 
strong ratings had not led to increased funding because “we’re the only source 
of funding for mitigating ozone depletion, which makes it difficult for states 
to pull the plug if we perform badly in the future – and, as economists know, 
rewards don’t work without a credible threat of sanctions.”38

Interviewees also drew attention to the key role of partnerships in shap-
ing how donors respond to ratings. A recurring theme was the importance 
of robust partnerships – particularly those characterized by high levels of 
complementarity – in providing high-rated IOs with the political and organi-
zational support necessary to mobilize additional funds. The following view, 
expressed by a financial officer in UNHCR, was typical:

“We’ve received consistently high scores in the evaluations, but wouldn’t have received 
such a large increase in funding if it hadn’t been for our major NGO partners, such as 
the International Rescue Committee, Save the Children, and the Scandinavian Refugee 
Councils… They’ve been incredibly effective in using their campaigning infrastruc-
ture to raise public awareness about the ratings and their political contacts to lobby 
wealthy donor governments – in particular the US – for increased contributions.”39

Government officials also acknowledged the influence of partners in their deci-
sion to reward high-rated IOs. One employee of the United States Agency for 
International Development (USAID), for instance, noted that its near threefold 
increase in annual contributions to UNHCR since 2009 is “in part the result 
of an aggressive ratings-focused lobbying drive by the agency’s most well-
resourced civil society partners.”40 Staff in low-rated IOs, by contrast, lamented 

	 36	 Author interview with employee of Italy’s Ministry of Foreign Affairs and International 
Cooperation, January 23, 2015, Rome.

	 37	 Author telephone interview with UNEP program officer, December 2, 2013.
	 38	 Author interview with MLF staff economist, July 14, 2018, Washington, DC.
	 39	 Author interview with UNHCR financial officer, June 6, 2012, Geneva.
	 40	 Author interview with employee of USAID, May 8, 2012, Washington, DC.

https://doi.org/10.1017/9781108763493.011 Published online by Cambridge University Press

https://doi.org/10.1017/9781108763493.011


319Assessing International Organizations

the unexpected tendency of robust partnerships to exacerbate the financial dam-
age caused by the assessments. In the words of a partnerships coordinator in the 
Commonwealth, “Instead of using their clout with donors to protect us against 
funding cuts [resulting from low ratings], many of our most important civil soci-
ety partners have weakened or severed ties with us, causing even greater alarm 
among donors. Unfortunately, the result has been yet deeper cuts.”41

statistical analysis

In this section, I subject the argument to a series of observational and quasi-
experimental statistical tests based on a new panel dataset, part of which was 
introduced in the second section. This analysis complements the qualitative 
examination both by providing systematic cross-organizational data on the 
dependent and explanatory variables and by showing that the earlier find-
ings are generalizable to a larger and more representative population of IOs.  
I begin by describing the contents of the dataset, before outlining my method-
ological strategy and presenting the results.

The main dependent variable  ∆CONTRIBUTIONSa , which is similar to  
y in Figure 10.1, is the log ratio of an IO’s contributions in each FY since the 
release of a given assessment a ( )FYvIO  to its contributions in the FY preceding 
this date ( ) :FYvIO − 1

Δ 

RATINGa is the standardized mean of an IO’s indicator scores from the most 
recent wave of an assessment a in FYvIO + i.  To maximize the sample size and 
capture the possibility that donors are “triangulating” between different sets 
of ratings, I supplement this measure with an aggregate index ( )RATINGavg  
that averages its value across all assessments (similarly to x in Figure 10.1). 
As discussed below, in separate analyses I also disaggregate indicator scores 
within each assessment to examine whether resource flows are more respon-
sive to information about some dimensions of performance than others.

Institutional competition is measured using responses to an original online sur-
vey of IO head officials conducted between September 2013 and January 2015.42 
Participants were asked the following question for a selection of recent years: 

	 41	 Author interview with Commonwealth Secretariat partnerships coordinator, July 6, 2014, 
London.

	 42	 The survey, which was implemented using the Qualtrics Survey Software, was sent to par-
ticipants via an emailed link. In most cases, 2–3 reminder messages were sent before the 
response was submitted. In five cases, participants preferred to provide their responses either 
verbally (during a telephone interview) or in writing. To check the reliability of responses, 
in 20 percent of cases the survey was sent to another senior official (usually a division or 
department head). In no instances were there discrepancies between the two sets of answers, 
indicating a high degree of reliability.

CONTRIBUTIONS =
CONTRIBUTIONS
CONTRIBUTIONS

a
vIO +i

vIO 1

ln
−










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“How many international organizations perform a similar function to your 
organization and thus might be seen to compete with it?” Five response options 
were provided: (1) “Zero”; (2) “Between 1 and 5”; (3) “Between 5 and 10”; (4) 
“Between 10 and 20”; and (5) “More than 20.” COMPETITION is constructed 
by converting responses for the year ( ) :FYvIO − 1  into a five-point scale rang-
ing from 0 (corresponding to option 1) to 4 (corresponding to option 5).43 I later 
experiment with alternative (non-survey-based) measures, some of which capture 
the issue-specific determinants of competition discussed in the third section.

PARTNERSHIPS is an additive index of four indicators measuring the 
three dimensions of governance partnership robustness outlined earlier. All 
indicators are measured as of FY vIO –1 using information from IO websites, 
most of which have a section devoted specifically to partnerships.44 The first 
indicator measures the depth of cooperation between IOs and partners. IOs 
receive a score between 0 and 1 reflecting the proportion of partnerships that 
involve substantive collaboration at the agenda-setting, formulation, monitor-
ing, implementation, or enforcement stage of the policymaking process (as 
opposed to a purely symbolic affiliation). The second and third indicators 
measure policy preference alignment. IOs are assigned a score from 0 to 1 
based on the proportion of partners that share their geographical scope (sec-
ond indicator) and range of issue areas (third indicator).45 The fourth indicator 
measures complementarity in capabilities, taking a value of 1 if the ratio of 
combined partner-to-IO expenditures exceeds 10 and 0 otherwise. IOs that 
have no listed partnerships are assigned a score of 0 on each indicator.

I control for four financial variables that are likely to affect how resource 
flows respond to ratings. TRENDa is the average log ratio of an IO’s contribu-
tions in –FY vIO j to its contributions in the previous FY vIO – –j 1 during the 
five-year period before the release of an assessment a:

TREND =

CONTRIBUTIONS
CONTRIBUTIONS

5

a

k=0

v j

v j 1

ln IO

IO
∑ 








−

− −


5
CONTRIBUTIONS is an IO’s log contributions in FY uIO – 1. VOLUNTARY 
is the proportion of an IO’s contributions in FY uIO – 1  that are volun-
tary rather than assessed (i.e. not paid as a condition of IO membership). 
INDEPENDENT is the proportion of an IO’s total income in FY uIO – 1  that 
is composed of independently earned revenue – for instance, from investments, 
interest charges, and fees for services rendered – as opposed to contributions.

	 43	 Responses varied little across years, perhaps reflecting that the fact that competition is pri-
marily a function of issue-specific characteristics that tend to change slowly over time.

	 44	 To access older versions of these websites, I used the Internet Archive’s Wayback Machine. 
Available at https://archive.org/web/, accessed February 21, 2016.

	 45	 I distinguish between three levels of geographical focus – global, regional, and national – and 
25 issue areas based on a list compiled by Hooghe et al. 2017.
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Baseline Model and Results

Given the conditional nature of the argument, I estimate a linear multipli-
cative interaction model, clustering robust standard errors by IO to address 
potential cross-sectional dependence. In light of the relatively small sample 
size (due to the recent emergence of the assessments), I begin by testing the 
two hypotheses separately:

∆CONTRIBUTIONSa a

a

= + +

+ ×

β β β

β

0 1 2

3

RATING COMPETITION

RATING COMPETTITION TREND CONTRIBUTIONS+ +

+ +

β β

β β

4 5

6 7

a

VOLUNTARY INDEPENDENTT + ε                                 (10.1)

�

∆CONTRIBUTIONSa a

aRATING

= + +

+ ×

β β β

β

0 1 2

3

RATING PARTNERSHIPS

PARTTNERSHIPS

CONTRIBUTIONS

INDEPEN

+

+ +

+

β

β β

β

4

5 6

7

TREND

VOLUNTARY

a

a

DDENTa + ε � (10.2)

The argument has two key empirical implications, both of which concern 
the marginal effect of RATINGa on  ∆CONTRIBUTIONSa. This is equal to 
β1 + β3 COMPETITION in Equation (10.1) and β1 + β3 PARTNERSHIPS in 
Equation (10.2), which entails that β1 represents the marginal effect when 
COMPETITION = 0 in Equation (10.1) and PARTNERSHIPS = 0 in Equation 
(10.2). Since the argument posits that ratings do not influence resource flows 
when IOs are subject to little competition or possess weak partnerships, we 
should expect β1 to be zero in both equations. The argument also implies that the 
marginal effect will become positive as COMPETITION and PARTNERSHIPS 
increase. Given that these variables are non-negative and RATINGa has a mean 
of zero (because it is standardized), IOs with below-average ratings have nega-
tive interaction term values that decrease with the variables, while IOs with 
above-average ratings have positive values that increase with them. Thus, the 
second implication is that β3 will be positive in both equations.

Table 10.2 reports the results for Equation (10.1). In line with the argu-
ment, the coefficient on RATINGa is statistically significant at the 10 
percent level in only one of the eight models, whereas the coefficient on  
RATINGa × COMPETITION is positive and significant in seven. The latter’s 
lack of significance in Model (5) may be a consequence of the relatively late 
release of the Danish ratings (in 2012), which could result in attenuated esti-
mates because resource flows in FY vIO – 1 were already influenced by earlier 
assessments. As suggested in the introduction, however, they may also stem 
from characteristics of the ratings themselves or their creator (for instance, 
Denmark may have less credibility or influence in the donor community than 
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the other assessor states). Encouragingly, the coefficient has the largest size 
and lowest p-value in the model with the aggregate index RATINGavg (Model 8)  
– that is, the model with the highest sample size – providing evidence of the 
“triangulation” behavior described earlier.

The left panel of Figure 10.4 plots the estimated marginal effect of 
RATINGavg on ∆CONTRIBUTIONSa  at different levels of COMPETITION. 
When IOs are subject to no competition, the effect is statistically indistinguish-
able from zero (as indicated by the intersection of y = 0 with the 90 percent 
confidence interval). As competition increases, however, it becomes positive 
and significant. More importantly, it becomes substantively significant: on 
average, a one-point increase in RATINGavg (which ranges from −2.83 to 2.28) 
is associated with roughly a 25 percent rise in contributions when IOs have 
5–10 competitors; a 35 percent rise when IOs have 10–20 competitors; and a 
45 percent rise when IOs have more than 20 competitors.

The results for Equation (10.2), shown in Table 10.3, provide similarly strong 
support for the argument. The coefficient on RATINGa fails to reach significance 
in all eight models, whereas the coefficient on RATING PARTNERSHIPSa ×  
is positive and significant in six. Similarly to before, the latter is non-
significant only in Models (2) and (5) – in which ratings were first released 
in 2012 – and has the largest size and lowest p-value in Model (8). The right 
panel of Figure 10.4 displays the equivalent of the previous marginal effect 
plot for Model (8). As predicted, when partnerships are weak or non-existent 
(PARTNERSHIPS  <  1.5 on a scale of 0 to 3.98), the estimated marginal 
effect of RATINGavg on ∆CONTRIBUTIONSa  is indistinguishable from zero  

figure 10.4.  Marginal effects of average ratings on changes in contributions at 
different levels of institutional competition and partnership robustness.
Notes:  The graphs are based on the results of Model (8) in Tables 10.2 (left graph) and 
10.3 (right graph). The light gray lines represent 90 percent confidence intervals.
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(the lower 90 percent confidence bound intersects y = 0). When partnerships 
are robust, however, it is positive, significant, and substantively sizable. For 
IOs whose partnerships are in the upper quartile of the robustness distribu-
tion (3.35 ≤ PARTNERSHIPS ≤ 3.98), for instance, a one-point increase in 
RATINGavg is associated with an average rise in contributions of roughly 
25–30 percent. This is an impressive 35–40 percent higher than the corre-
sponding figure when partnerships are at the bottom end of the distribution.

Tables A1–A12 in the online appendix display the results when the baseline 
equations are re-estimated with disaggregated standardized indicator scores 
from each assessment. Seventy-five of the 100 individual coefficients on the 
interaction terms are positive, of which one third are significant (only nine 
coefficients on RATINGa are positive and significant). There is little evidence 
that lower p-values are clustered in any of the six dimensions of performance 
listed in the second section, though (perhaps unsurprisingly) a higher pro-
portion of the significant coefficients involve indicators of resource manage-
ment and cost and value consciousness. In general, the fact that the results are 
stronger at the aggregate than at the indicator level suggests donors may be 
“triangulating” between different types of performance information within 
as well as across assessments.

Distinguishing Performance from Performance Indicators

One potential concern about the baseline models is that they fail to distinguish 
the effect of IO performance indicators from the effect of IO performance 
itself. It is conceivable, for instance, that the interaction-term coefficients  
are positive because ratings are capturing recent shifts in performance that 
have yet to influence resource flows or because performance has moved in the 
same direction as ratings since their release.

To address the first possibility, I employ a quasi-experimental design that 
involves expanding the sample to include unassessed IOs as a “control group.” 
I select such institutions by exploiting a sharp discontinuity in the rule deter-
mining the eligibility of IOs for inclusion in the United Kingdom’s assessment, 
namely, they must have received an average of at least one million British 
pounds in annual funding from the country’s Department for International 
Development (DFID) in the decade prior to the release of the first set of rat-
ings in 2011.46 Since IOs near each side of this threshold have similar charac-
teristics, but varying levels of the treatment (see Tables A14–A16 for balance 
statistics), we can isolate the effect of performance ratings by restricting the 
sample to these institutions and estimating the following regression disconti-
nuity (RD) models:

	 46	 Data on DFID funding come from the sources cited in fn. 33. The Australian government 
employs a similar threshold but does not disclose contributions to individual institutions. 
For a similar approach to distinguishing the effects of GPIs from the effects of underlying 
performance, see Roberts and Tellez this volume.
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where POOLEDUK  is a combined ratings measure equal to RATINGUK for the 
assessed IOs and a predicted rating based on the four control variables (which 
are strong predictors of RATINGUK) for the unassessed IOs;47 AUTHENTIC 
is a dummy for whether an IO has been assessed; and DFIDFUNDING, the 
forcing variable, is an IO’s average annual contributions from DFID over the 
period 2002–11 in millions of pounds (the polynomial terms address the pos-
sibility of a nonlinear relationship with the dependent variable). For the unas-
sessed IOs, PARTNERSHIPS is measured in the same way as for the assessed 
IOs, while COMPETITION is measured by converting the number of IOs in 
the Yearbook of International Organizations database that share their “sub-
ject of activity” into the five-point scale described earlier.48 If the authentic 
ratings have an independent conditional effect on resource flows – an effect 
distinct from that of IO performance itself – we should expect β7, the coeffi-
cient on the triple interaction term in each equation, to be positive; and β4, the 
marginal effect of the interaction between POOLEDUK  and each conditioning 
variable on ∆ CONTRIBUTIONSUK when AUTHENTIC = 0, to be zero.

Table 10.4 presents the results for three different bandwidths: (1) IOs with 
a DFIDFUNDING value of less than 3.5 (the smallest bandwidth at which 

	 47	 In a regression of RATINGUK  on the controls, three of the four coefficients are significant at 
the 1 percent level (the other has a p-value of 0.24).

	 48	 The Yearbook of International Organizations Online. Available at https://www.uia.org/year-
book, accessed December 14, 2015. Both variables are measured as of 2010 (i.e. FY IOv –1).  
If an IO’s subject of activity does not match one of the Yearbook’s near-thousand categories, 
competition takes a score of 0.
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there are enough assessed observations to estimate the equations); (2) IOs with 
a DFIDFUNDING value of less than 5; and (3) the full sample.49 In addition, 
it reports the results of an alternative strategy for improving balance across the 
treated and control groups, namely, matching assessed and unassessed obser-
vations on the conditioning and control variables.50 Consistent with expecta-
tions, seven of the eight coefficients on the triple interaction terms are positive 
and significant, with the lowest p-values in the models with the smallest band-
width (Models 1 and 5), in which the assessed and unassessed IOs are most 
similar. By contrast, every coefficient on POOLEDUK ×COMPETITION and 
POOLED PARTNERSHIPSUK ×  is nonsignificant and negative.51 Comparing 
the estimated marginal effect of POOLEDUK  on ∆CONTRIBUTIONSUK  at 
different levels of the conditioning variables for assessed and unassessed IOs 
in the DFIDFUNDING  <  3.5 bandwidth indicates that the treatment makes 
a major substantive difference: contributions rise by roughly 45 percent for 
assessed IOs versus −15 percent for unassessed IOs with each one-point increase 
in COMPETITION; and 45 percent versus −35 percent with each one-point 
increase in PARTNERSHIPS.

The second possibility mentioned above – that performance has moved 
in the same direction as ratings since their release – is difficult to address 
directly. However, it can be substantially mitigated by making a small adjust-
ment to the dependent variable, namely, restricting the post-assessment period 
to FY vIO (i.e. changing the variable’s numerator to CONTRIBUTIONSvIO ). 
This is because performance exhibits relatively little change from year to year, 
and it is unlikely that a high proportion of IOs would coincidentally expe-
rience shifts in the same direction as ratings during the year of the latter’s 
release. The results of the modified baseline equations, shown in Tables A21 
and A22, continue to support the argument, though are marginally weaker 
than those in Tables 10.2 and 10.3 – as should be expected, given the smaller 
sample size and the fact that many donors are likely to be either unaware of or 
unable to respond to ratings during FY vIO.52

Additional Robustness Checks

The findings remained consistent with the argument throughout a number of 
alternative specifications of the baseline models, the results of which are also 

	 49	 Table A13 provides a list of the unassessed IOs – which exclude those that have been rated in 
any of the other assessments – and their values of dfidfunding. The third column of the list 
of assessed IOs in the chapter appendix shows their dfidfunding values, which range from 
1.19 to 78,018.13 and have a mean of 1,880.16.

	 50	 I employ genetic matching, filling in missing values – which are not permitted – using mul-
tiple imputation. Tables A17 and A18 display post-matching balance statistics.

	 51	 As shown in Tables A19 and A20, these results are robust to the use of lower order 
polynomials.

	 52	 Importantly, the results are stronger in the models with larger sample sizes (in particular 
Model 8).
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reported in the online appendix.53 First, I included FY vIO + i  fixed effects to 
address temporal heterogeneity, a serious possibility given that the dataset 
covers the financially turbulent period following the global economic crisis 
(Tables A23 and A24). Second, I controlled for four additional variables: AGE, 
an IO’s log age in FY vIO – ; 1  SCOPE, the number of issue areas in which an 
IO operates in FY vIO – ; 1  REGIONAL, a dummy for whether an IO has a 
regional focus in – ;FY vIO  1  and DIVERGENCE, the variance of an IO’s 
standardized mean indicator scores in each assessment (since resource flows 
may be more responsive to ratings when there is greater agreement among 
assessors) (Tables A25 and A26). Third, I included both sets of conditioning 
variables and interaction terms in the same equation (Table A27). Fourth, 
I excluded influential observations from the analyses, which were identified 
using the widely used Cook’s Distance metric (Tables A28 and A29).54

A final set of checks involved experimenting with alternative measures of 
key variables in the analysis. To address the possibility that resource flows in 
FY vIO –  1 are anomalous relative to general pre-assessment funding levels, I 
constructed modified measures of the dependent variable in which the denom-
inator is changed to Σ j=1

3 CONTRIBUTIONS /3v -jIO  (Tables A30 and A31) and 
Σ j=1

5 CONTRIBUTIONS /3v -jIO  (Tables A32 and A33), i.e. the pre-assessment 
period is expanded to three and five FYs, respectively. In addition, I employed 
three different measures of institutional competition, the first two based on 
the issue-specific determinants of the variable discussed in the third section 
and the third based on the measure developed for unassessed IOs in the pre-
vious subsection: (1) a proxy for expertise-based barriers to entry that mea-
sures whether an IO performs specialized technical assistance functions for 
its members in FY vIO –  1 (EXPERTISE) (Table A34); (2) a proxy for network 
effects-based economies of scale that measures whether an IO engages in stan-
dard-setting activities in FY vIO –  1 (STANDARDS) (Table A35); and (3) the 
log number of IOs in the Yearbook of International Organizations database 
that share an IO’s subject of activity in FY vIO –  1 (SHARED) (Table A36).55

conclusion

As a form of social knowledge produced by respected and authoritative actors, 
IO performance indicators highlight and shape shared understandings of the 

	 53	 The interaction-term coefficients marginally exceeded the p   0.1 significance threshold in 
some models with lower sample sizes and observation-to-variable ratios.

	 54	 Observations were excluded if their Cook’s Distance exceeded 4/n (where n is the analysis 
sample size).

	 55	 The interaction-term coefficients in Tables A33 and A34 are negative because barriers to 
entry and economies of scale are inversely related to competition. The results of these models 
provide stronger support for the unconditional GPA influence hypothesis, but should be 
treated with some caution because expertise and standards are less direct measures of 
competition.
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behavior and impact of such institutions, enhancing the salience of perfor-
mance as a basis for making multilateral funding decisions. I have argued, 
however, that performance ratings do not influence resource flows to IOs 
under all circumstances; rather, their impact is conditional on the nature 
of the relationship between IOs and other actors within their policy space. 
Specifically, they only exert influence when IOs (1) are subject to a high degree 
of institutional competition and (2) possess robust governance partnerships 
with non-state actors. A combination of qualitative and quantitative evidence 
from a variety of original sources has provided consistent empirical support 
for the argument.

In addition to furthering our understanding of the sources – and limits –  
of assessment power in world politics, the findings have implications for other 
kinds of GPIs with the potential to influence material resource flows to tar-
get entities, such as indicators of democracy, governance, corruption, and 
business conditions.56 They suggest, for instance, that such GPIs will have a 
greater impact on resource flows when there is a sizable pool of target entities 
that possess similar characteristics and could thus serve as substitutes for one 
another. Thus, we might expect assessments of a state’s business conditions or 
governance to be less likely to affect foreign direct investment (FDI) inflows 
if it possesses a particularly rare natural resource or large internal market. 
The argument also implies that GPIs will have stronger material effects when 
assessed entities have close operational ties with actors capable of influencing 
resource holders – or with resource holders themselves. Economies that are 
highly integrated with the home countries of foreign investors, for example, 
may be more likely to receive a boost in FDI inflows when their political or 
business climate receives a positive assessment.

The findings also have implications for understanding the non-material 
effects of GPIs. In addition to funding levels, IO performance indicators are 
likely to influence outcomes such as the size of an IO’s membership, the degree 
of (state and non-state) compliance with its policies, and the extent of its soft 
power and informal influence in the international system. If my argument 
is correct, we should expect these variables to be more responsive to per-
formance ratings when IOs face few competitors and have powerful allies 
above and below the state. By a similar logic, we might expect assessments of 
a state’s level of democracy or internal security to have a weaker impact on 
outcomes such as its ability to form alliances and engage in institutionalized 
cooperation when it occupies a strategically important position in the inter-
national system (for instance, due to its geographical location or capabilities) 
and has close political, economic, and social ties with potential cooperators. 
These and the above possibilities point to relational analyses of the material 
and non-material effects of GPIs as a fruitful area for further research.

	 56	 See Kelley, Simmons, and Doshi; Lee and Matanock; Morse; and Roberts and Tellez, this 
volume.
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Another promising research avenue concerns the sources of variation in 
governance partnerships. While my argument sheds light on the factors affect-
ing institutional competition, it does not directly address the question of why 
some IOs are able to form more robust partnerships than others. A compre-
hensive answer to this question is beyond the scope of this chapter, though a 
few possibilities are worth mentioning. First, some policy spaces are simply 
populated by fewer non-state actors than others, for instance, because the 
issue in question has little popular resonance or is associated with severe col-
lective action problems.57 Second, partnership formation may be influenced 
by the openness of an IO’s policymaking process to external actors (in part 
a function of institutional design), which affects its opportunities to identify 
and interact with potential partners.58 Finally, non-state actors sometimes play 
an important role in the establishment of IOs, forging informal ties with such 
institutions that may provide the basis for future operational collaboration.59 
In other words, variation in partnership robustness may reflect historical lega-
cies of institutional creation. Developing and testing a full theory of partner-
ship formation is an important task for future research.
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